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Autocoding real estate webscraped data

What do we gain from ML?
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Seeking ways to augmnent
official statistics

Why Machine Learning?
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• Created a division for organising and producing
experimental analysis

• ML project - Automatic classification of online shops
products

How we started our work
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Download data
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Prepare basic cleaning
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• Unstructured webscraped data
• Long text variables with multiple various information
• Duplicates

Problems we encountered
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Not homogeneous data (patchy data)
Length Number of words
94 7
110 14
128 16
134 14
151 18
… …
9797 1312
9797 1312
12842 1779
12923 1787
14141 1995
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Multifunctional apartments – perfect invesment in Poznan, Downtown. Apartments are located in 10-storey 
building on first floor. Total area: 372 m2 
It consists of:
1. studio apartment 19.12 m2
2. studio apartment 18.34 m2
3. studio apartment 18.51 m2
4. studio apartment 19.18 m2
5. studio apartment 19.91 m2
6. studio apartment 19.78 m2
7. studio apartment 19.19 m2
8. 2-room apartment 34.59 m2
9. 2-room apartment 37.05 m2
10. studio apartment 19.66 m2
11. studio apartment 18.15 m2
12. studio apartment 18.59 m2
13. 2-room apartment 25.17 m2
14. studio apartment with balcony 20.5 m2
and common corridor with an area 64 m2. 

Offers of multiple objects
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Description Price Currency Area Address
KUPNO OD DEWELOPERA, 0% prowizji, PLANOWANE 
TERMINY ZAKOŃCZENIA INWESTYCJI - budynek A - IV 
kwartał 2021, budynek B - II kwartał 2022Budynek A 
lokal: 1.A.8.13, balkon [ Mieszkania z opcją SMART 
HOME, pakiet antysmogowy ]Cena brutto m. p. w 
garażu podziemnym: - 35 000 zł ( naziemne - 18 000 
zł ) - ILOŚĆ OGRANICZONA !!

351241 PLN 34.52 Hetmańska, 
Poznań

KUPNO OD DEWELOPERA, 0% prowizji, PLANOWANE 
TERMINY ZAKOŃCZENIA INWESTYCJI - budynek A - IV 
kwartał 2021, budynek B - II kwartał 2022Budynek A 
lokal: 1.A.8.11, balkon [ Mieszkania z opcją SMART 
HOME, pakiet antysmogowy ]Cena brutto m. p. w 
garażu podziemnym: - 35 000 zł ( naziemne - 18 000 
zł ) - ILOŚĆ OGRANICZONA !!

447526 PLN 48.91 Hetmańska, 
Poznań

KUPNO OD DEWELOPERA, 0% prowizji, PLANOWANE 
TERMINY ZAKOŃCZENIA INWESTYCJI - budynek A - IV 
kwartał 2021, budynek B - II kwartał 2022Budynek A 
lokal: 1.A.8.6, balkon [ Mieszkania z opcją SMART 
HOME, pakiet antysmogowy ]Cena brutto m. p. w 
garażu podziemnym: - 35 000 zł ( naziemne - 18 000 
zł ) - ILOŚĆ OGRANICZONA !!

459450 PLN 51.05 Hetmańska, 
Poznań

Duplicated descriptions
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Achieve the goal
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• Less errors/mistakes? 

Why ML methods over traditional approaches?
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• Less errors/mistakes? 
• More time efficient

Why ML methods over traditional approaches?
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• Less errors/mistakes? 
• More time efficient
• Replicability

Why ML methods over traditional approaches?
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• More than 72% of the automatically classified data with 
probability over 95%.

• 4 people manually classified 6688 from 8881 non-
duplicated offers (1239, 2565, 1750, 1134)

Our results on autocoding



19stat.gov.pl

BLS data
comparison of methods
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What we gain from the experiment
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What we gain from the experiment
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What we gain from the experiment
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Dominik Dabrowski
D.Dabrowski@stat.gov.pl

For more information contact:

Thank you
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